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Fig.1 A false color composite of the study area
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Fig.2 Classification results of conventional approach Fig.3 Segmentation results
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Fig.4 Classification results using Multi-feature based approach
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Table 2 Classifleation evror matrix (1)
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Table 3 Classification accuracy report (1}
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Table 4 Classification error matrix (2)
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Table 5 Classification accuracy report (2)
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Classification of Remotely Sensed Imagery Using Multi-features Based Approach

CHEN Qiu-xizo, LUO Jian-cheng, ZHOU Cheng-hu, ZHENG Jiang, LU Xue-jun, SHEN Zhan-feng
(1. State Key Lab of Resources & Environment Information System., Chinese Academy af Sciences , Beijing 100101, Ching;
2. Department of Regional and Urban Planning , Zhefiang University, Hangzhow 310028, China)

Abstract: In this paper, a new method, namely the molti-feature based method, was presented to classify remotely
sensed imagery. A class scheme was firstly defined, in which, every class was decomposed into subclasses if necessary.
Then, some suitable features were selected, and every subclass was characterized with a unique combination of these fea-
tures. Meanwhile, the whole imagery was segmented into image objects, and subsequently the features used were mea-
sured, like spectral, geometrical and topological features. Using these features, image objects could be recognized and
classified easily. By using the multi-features based classification approach, classification accuracy was improved, and the
classification results were easier interpreted when compared with the conventional classification method .

Key words: classification; image segmentation; class scheme; feature representation



